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ABSTRACT

Artificial intelligence is revolutionizing the distribution of analytics, the collaboration of tasks, the
interpretation of data, and the balancing of economic, social, and environmental goals in organizations.
However, technology investments do not always guarantee sustainable performance, which emerges when
organizational leadership and agility transform technical capabilities into changes in structutes, quotas,
decision rights, and management practice. The purpose of this study is to develop and test an integrative
model in which digital leadership and organizational agility are the independent vatiables, leadership
transformation is the mediator, and organizational sustainability is the outcome. Methodologically, the
empirical component uses secondary ratings of teachers initially provided from the 384 potential
questionnaires with a four-factor structural model. Because documentation of respondent level and
primary item terminology is not provided in the current constructs, the test is reported as a function of
constructs rather than indicating that respondents completed the new tests. The retained model
demonstrates satisfactory reliability (Cronbach’s o = .818-.842), clear reliability (.852-.857), convergent
validity (AVE = .657-.667), and overall fit (;2/df = 1.002, GFI = .981, AGFI = .969, NFI = .979, CFI =
1.000,000). RMSEA = .002). The corresponding path estimates show positive effects of digital leadership
and organizational immediacy on transformational leadership and sustainable organizational performance
with transformational leadership predicting sustainable organizational performance, as well. In terms of
impact, this was positive for digital leadership (.125) and organizational agility (.057). In conclusion, the
paper's shared perspective supports a process view according to which leadership and legitimacy are
provided, agility provides knowledge and reorganization skills, and transformational leadership
incorporates discretion into governance and operations. The paper provides a coherent theoretical
framework, leadership implications, and a measurement framework for drawing conclusions using

primary data.

Keywords: artificial intelligence; digital leadership; organizational agility; management transformation;

sustainable organizational performance

1. Introduction

Artificial intelligence has evolved from a specific analysis tool into a comprehensive set of business
capabilities touching on planning, customer engagement, product development, human resource management,
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risk assessment, and operational control. The advantages of artificial intelligence lie not only in its ability to
perform rapid calculations, but also in its ability to fundamentally change the way information is generated,
interpreted, and applied. Machine learning can identify patterns that are too complex for humans to recognize,
while artificial intelligence can speed up cognitive processing and intelligent automation can modify routine
processes. However, companies often find that while purchasing Al tools can be easy, adapting management
practices to new technologies can be very difficult. Technology can become an island of automation in a
larger system, underpinning ineffective business practices, or creating mistrust by making decision-making

processes less transparent and the allocation of responsibilities more contentious.

Thus, the difference between technology adoption and management transformation is crucial. Adoption
refers to whether a service is purchased; transformation refers to when management assumptions, structures,
operations, and control mechanisms, become new tools. Management transformation involves data-driven
decision-making, interoperability, role integration, learning processes and human-Al collaboration, and
governance mechanisms that make algorithmic recommendations controversial and thus accountable. These
changes affect whether Al provides temporary efficiencies or sustainable organizational capabilities. More
recent research similarly views the potential of Al as a combination of tangible assets, human resources, and
organizational collaboration rather than software alone (Mikalef & Gupta, 2021).

Digital leadership is an important precursor to this transformation. Digital leaders talk about why technology
matters, pairing investment with strategic priotities, creating psychological safety to monitor, and setting
acceptable boundaries for data and automation. At the same time, their work is simultaneously technical,
institutional and social. They need to have sufficient understanding of digital systems to raise informed
questions, while also balancing stakeholders, decentralizing power, and maintaining responsibility for the
resulting decisions. Digital transformation leadership therefore involves strong digital strategies, innovation,
and adaptive capabilities (AINuaimi et al., 2022).

Organizational speed is a prerequisite; it is the ability to recognize changes, make rapid decisions, and realign
resources without losing strategy. Al benefits environments where organizations can act on new data quickly.
Firms may have multiple predictive strategies but see limited value when approvals are slow, performance
boundaries impede the flow of information, and performance indicators reward those who follow routines.
Agility links intelligence and action by reducing the learning curve and allowing resources to be diverted to
emerging opportunities or threats.

The outcome of this paper’s effectiveness is the sustainability of organizational performance. This proposal
presents broader concerns than short-term profitability. It refers to an organization’s ability to promote
economic prosperity while minimizing negative environmental impacts, improving employee and employee
well-being, maintaining morale, and resisting stresses that threaten its survival. In other words, sustainable
employment requires a balanced approach to profitability. Al can contribute to this goal by providing energy
efficiency, predictability, waste reduction, security, and service delivery but also by increasing energy
consumption, monitoring, modernization, or advanced capabilities. The management system determines
which skills will be dominant.

Despite the growing attention to digital transformation, the role of digital capabilities in driving organizational
performance still raises many questions. Studies highlight the role of digital leadership, organizational agility,
and transformational leadership, but also recognize that such outcomes are tied to broader organizational
sustainability concerns. At the same time, the nature of these relationships has not been extensively studied.
This article seeks to contribute to this gap by framing the leadership transition as a process in which
leadership and agility come to realize their potential in Al behavior.
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The paper makes three contributions. First, it integrates dominant skills, upper-class perspectives, and
materialistic perspectives, resulting in a comprehensive mediation framework. Second, it distinguishes
between the acquisition of Al and management evolution, thus underpinning the theory on the multiple
outcomes of performance associated with different types of investments. Third, the paper provides a
comprehensive redefinition of the empirical-model specification that retains the conclusions of the
framework but identifies the need for construct-specific primary-data replication. This transparency is

paramount, as mathematical consistency cannot be a substitute for measurement accuracy.

The paper is organized according to theoretical and conceptual, methodological, findings, discussion,
implications, conclusions and conclusions. Analysis of tables and figures is accompanied by understanding

that make mathematical and conceptual concepts clear.

1.1 Research Problem

Organizations experience the permanent implementation gap between incorporating artificial intelligence and
improving adaptability and sustainability that this approach promises. This issue is not well defined by the
quality of the innovations used. Failure of organizations to successfully implement change can be attributed
to managers’ inability to develop effective strategies, inadequate levels of responsiveness on the part of the
organizational structure, and management’s adherence to sustainable and human-centered strategies. Thus,
the research problem is the type of relationship between digital leadership and organizational agility that
improves sustainability through leadership transformation directly and indirectly.

1.2 Research Objectives

Examining the impact of digital leadership on transformational leadership. To assess the impact of
organizational agility on leadership transformation. Considering the direct effect of digital leadership and
organizational agility on sustainable organizational performance. Testing the effect of leadership transition on
sustainable organizational performance. To assess whether transformational leadership plays a mediating role
between digital leadership, organizational agility, and sustainable organizational performance

1.3 Research Questions

(1) How does digital leadership dtive leadership transformation?

(2) How does organizational agility drive leadership change?

(3) Do digital leadership and organizational agility affect sustainable organizational performance?

(4) Does transformational leadership mediate the relationship between digital leadership and organizational
agility on sustainable organizational performance?

2. Literature Review and Theoretical Development

2.1 Artificial Intelligence and Management Transformation

Al changes management by changing the fundamental structure of decisions, not just the speed with which
they are made. Manual management has decision-making processes that can be improved with the
introduction of Al, such as reducing time delays in planning and monitoring, replacing judgment with
accounting, and automating investment and other processes. Such tools can disrupt traditional workflows and
introduce new ways of planning, creating span of control, task planning, and responsibility. At the same time,
it’s important to remember that algorithms need data and judgment to work and keep updating. Thus,
management can be transformed by automation but must focus on increment and control.
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Capacity assessment helps researchers to embrace the diversity of technology and avoid the pitfalls of
limitations. Mikalef and Gupta (2021) defined Al capabilities as a set of resources, such as data, infrastructure,
capabilities, collaboration, and learning, that enable firms to take advantage of technological solutions. Theory
is useful for explaining how different skills emerge when the same strategies are used. This is reflected in the
general ability of organizations to select the most appropriate tools, integrate them into their workflows,
redesign processes around them, and learn from mistakes. Another key point is that management

transformation is a fundamental process that turns resources into actions that can be deployed globally.

The transformation process has a political dimension and raises ethical issues because algorithms define
tangibles and measurements; therefore, they preserve visibility and power in specific areas and functions while
depriving others of it. Users can be empowered by Al systems with sufficient training, but they can also feel
threatened. Al transformation responsibilities therefore require establishing definition by impact level,
implementing formal channels for analysis and response, ensuring data retention, conducting impact
assessments, and maintaining human oversight. In other words, achieving sustainable performance requires
avoiding environmental and environmental costs relative to economic performance.

2.2 Digital Leadership

Digital leadership is the ability to develop a strategic vision and mobilize people and resources to oversee
digital change. In contrast to all transformational leadership, leaders must contend with data architecture,
platform platforms, cybersecurity, algorithmic risks, and rapidly evolving technological capabilities. Digital
leaders don’t have to be engineers, but they do need to understand the strategic, operational, and strategic
boundaries.

Top-performer theory states that managerial decisions are influenced by knowledge and values (Hambrick &
Mason, 1984). In the case of Al, managers automate issues, who can bring what expertise to the task, see how
funding is available, and what performance indicators are prioritized. Leaders who view Al to cut costs may
recognize limited automation, while those committed to education, stakeholder value, and sustainability will
embrace transformation. Leadership plays a key role in enacting process redesign by defining transactions and
taking responsibility.

Digital leadership fosters transformation through vision, modeling, resource planning, learning, and
governance. Clear vision facilitates the focus of the experiment while minimizing fragmentation. Role
modeling helps to promote acceptance of evidence-based validation practices. Orchestration aligns data
analytics, talent, infrastructure, and business processes towards a shared goal. The learning process enables
controlled trials and realistic exposure of deficiencies. Governance legitimizes the innovation process by
clarifying responsibilities and safeguards.

2.3 Organizational Agility

Organizational agility refers to cognitive, responsive and reorganization capabilities. Sensing is the ability to
identify strong signals in markets, regulation, technology, operations, and stakeholder expectations; it involves
managing a vatiety of data. Then the key to feedback is to make timely choices based on understanding.
Finally, structural innovation is the ability to employ combinations of resources, processes, relationships, and
organizational structures. These concepts are associated with cognitive, absorptive and transformative
activities that are regulated by competence-theory (Teece et al., 1997; Teece, 2007). Al and agility are similar
because Al can enhance knowledge by processing large amounts of data and diverse data, but agile
organizations are better at responding to data insights from multiple sources. Thus, there is a need for
organizations to embrace agile processes such as collaborative teams, modular workflows, brief feedback
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processes, readily available data, less hierarchical decision-making, and clear objectives. Through such
strategies, organizations can be more successful in adopting Al, especially in taking an idea from proof of

concept to production planning. However, rigid constructions can cause passive analysis, resulting in delays.

Sometimes it is mistaken for relentless speed; therefore, it is crucial to recognize that speed can be technically
accelerated by a sense of direction and includes decision-making discipline. Sustainable results require that
agile systems deliberately prioritize strategies and avoid acceleration at the expense of adaptability (Gartner).
Positive acceleration requires incorporating retirement strategies to save resources, reduce strategic debt, and
minimize risks to employees, reputation, and the environment. This aspect is particularly important in Al
industry sectors where organizations adopt inappropriate algorithms and data inputs, and the results are

damaging to stakeholders or brand reputation.

2.4 Sustainable Organizational Performance

Sustainable organizational performance involves economic, social, environmental and cultural indicators. The
first combines profitability, quality, innovation and sustainability capabilities. Environmental performance
includes resources and energy conservation, emissions, and waste management. The company’s indicators
include professional and community well-being, participation, access, and solutions. Finally, adaptive capacity
implies the capacity to renew and adapt for sustainable development.

A balanced perspective goes together with entrepreneurial and sustainability theories that state that
organizational success cannot be measured solely in terms of short-term financial gains. Al can enhance
sustainable operations by automating inventory, predicting maintenance needs, identifying defects, supporting
demand, improving availability, and identifying risks. However, the repetition effect and other external factors
may also offset some of the stability gains. Similatly, computational complexity, cognitive bias, data secutity
concerns, and human resource outflows can also undermine operational sustainability.

Leadership transition is a process of building organizational sustainability through strategic planning. Thus, it
is possible to incorporate sustainability principles into selection, procurement, processes, assessments, and
accounting mechanisms. It also promotes sustainability by setting continuous improvement strategies locally
rather than relying on deadlines.

2.5 Theoretical Foundation

Dynamic-capabilities theory is the mainstay of the proposed model. According to Teece (2007), in a changing
wortld, firms gain a sustainable competitive advantage through their ability to identify opportunities and
threats, commit necessary investments, and transform resources through continuous decisions. Digital
leadership is required to interpret the role and commitment of strategy, while organizational agility enables the
company to identify and adapt quickly in times of turmoil. Transformational management has a social
dimension, and ultimately sustainable performance is reflected in the ability to create value for its stakeholders.

The strategic resource petrspective suggests that organizational performance is determined by scarce
important sets of resources and capabilities that are difficult to imitate or replace (Barney, 1991). When it
comes to Al adoption, this means that it is not single-digit strategies, but a combination of data, managerial
expertise, cross-industry operations, professional skills, and governance structures that constitute the most
efficient resource. The top-person perspective explains the relationship between leadership and performance.
It suggests that managers have different cognitive abilities to assess situations and make strategic choices,
which determines whether they will prefer the automation of specific strategies or initiate the process of
transformation.



Journal of Management Changes in the Digital Era/ ISSN: 3007-9810/ DOI: 10.33168/JMCDE. 2026.0108

Overall, the three theories provide a comprehensive understanding of how leadership and agility affect digital
processes. While they may contribute directly to performance, these changes seem to have their main role in
the process of transformation. Therefore, transformational leadership is included in the central model.

2.6 Hypotheses

Digital leaders set the technological framework, standardize experiments, allocate resources, and establish
governance for human-Al collaboration. Agile structures translate new information into revised processes,
roles, and resource allocations, while transformational management practices link these capabilities to
balanced operations. Based on this, suggestions are directly developed:

H1: Digital leadership has a positive effect on transformational leadership.

H2: Organizational agility has a positive effect on leadership turnover.

H3: Digital leadership has a positive impact on sustainable organizational performance.

H4: Organizational agility has a positive effect on organizational performance sustainability.

H5: Management transformation has a positive effect on organizational performance sustainability.

H6: Transformational management mediates the relationship between digital leadership and organizational
performance.

H7: Transformational management mediates the relationship between organizational agility and
organizational performance

Digital Leadership
X1

AN

Management Transformation HS . Sustainable Organizational
(Mediator) Performance (Y)
H2/
Organizational Agility /
(X2)
H4

Figure 1. Proposed research framework

Figure 1 illustrates two prior possibilities that compete with evolutionary management and sustainable
operations. Direct pathways are tested by whether leadership and agility contribute independently, whereas
mediated pathways are tested by whether their strengths are transformed into outcomes through
reorganization of the leadership process.
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Figure 2. Leadership—agility configuration map

Figure 2 illustrates the concept of the interaction of the two independent variables. Strong digital leadership
combined with agility does not create movement without vision; rather, it promotes leadership change and
promotes leadership change cooperation. Strong and agile digital leadership leads to transformation; dynamic
and agile digital leadership brings unparalleled testing. Isolated Al occurs when the company does not have
either capability. The matrix is conceptual; it does not add any additional information.

3. Methodology
3.1 Research Design and Data Status

The research design is quantitative and descriptive: it is a four-factor structured mean (SEM). The teacher
source distributed 400 questionnaires and reported 384 usable cases for a 96% usable response rate, as well as
a 100-person pilot survey of 95 possible answers. Summary statistics included indicator loadings, reliability,
validity, correlations, positive estimates, direct paths, confidence intervals, and bootstrapped direct effects.

Previous disclosure: the source questionnaire administered was set on a different survey topic and did not
provide evidence of response rate or whether participants responded to the specific constructs reported here.
Hence, this paper takes these metrics as secondary values in model evaluation and develops its four
structurally appropriate building blocks: first exogenous product, mapped to digital leadership, second as
organizational agility, mediator for transformational leadership, and consequently as sustainable organizational
performance. These four constructions preserve mathematical relations but do not establish accuracy in their
descriptors. A product validation study should be conducted with the new equipment described below and
the same test repeated; there is no mention of 384 initial respondents directly responding to these issues.

3.2 Proposed Population and Sampling for Confirmatory Replication

The target population should include managers and employees working in organizations that have
systematically embraced or tested Al-driven systems. Respondents should be familiar with organizational
strategy, operational, or digital initiatives to critically evaluate leadership, agility, transformational, and
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entrepreneurial skills. A multi-industry survey is preferable to increase external accuracy, although the industry
and organization level should be controlled and maintained as covariates (Wang et al. 2025). A combination
of targeted group sampling and stratified respondent selection is recommended to incorporate the
perspectives of senior, middle, and professionals.

A sample size of less than 384 allows the data to be analyzed using covariance-based triple SEM, based on the
chosen model, missing data, normality assumptions, use of indicators, and constraints. However, model
adequacy should not be evaluated by a single criterion, as many factors must be considered, including
statistical power, number of free parameters, expected effect sizes, and data quality.

3.3 Measurement Instrument

The contains the apparatus needed to successfully restore the original data. There are three components to
each construction that correspond to those provided by the model. Each device requires expert evaluation,
intelligence interviews, and preliminary testing before delivery. Items should be refined with measures, tested

for content validity, translational risk, single-method risk, and measurement invariance when possible.

Table 1. Proposed construct-specific measurement instrument

Construct Code Proposed item (5-point agreement scale)
DL1 | Leaders communicate a clear vision for responsible Al-enabled change.
Digital : - : :
Teadership DL2 | Leaders allocate resources and remove bartiers to digital experimentation.
DL3 | Leaders use digital evidence while retaining accountability for decisions.
OA1 | The organization detects relevant technological and market changes quickly.
Organizational - . - —
Agility OA2 | Teams can make timely cross-functional decisions when conditions change.

OA3 | Resources and processes can be reconfigured rapidly around new priorities.

MT1 | AI has changed how planning and performance reviews are conducted.

Management MT?2 Roles, workflows, and decision rights have been redesigned for human—AI

. collaboration.
Transformation
MT3 Continuous learning and responsible Al governance are embedded in
management routines.
SOP1 Al-enabled management has improved long-term operational and economic
performance.
Sustainable SOP2 The organization has improved environmental/resource efficiency through
Performance digital management.
SOP3 The organization has strengthened employee, stakeholder, and resilience

outcomes.

3.4 Data Analysis Procedure

The stages of analysis include data analysis, descriptive analysis, reliability analysis, exploration and random
variable analysis, correlation analysis, structural-model estimation, and bootstrapped mediation. Cronbach's
alpha and composite reliability should be .70 or higher, and the mean variance extracted should be .50 or
higher. Discrimination accuracy should be assessed using the Fornell-Larcker criterion and the hetero trait—
mono trait ratio. Model fit should be assessed using several indicators, including chi-square and number of
degrees of freedom, goodness-of-fit index, adjusted goodness-of-fit index, normed fit index, comparative fit
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index, and root mean square error of approximation. The report provides standardized coefficients, true p
values, and bias-corrected confidence intervals for each direct and indirect effect.

3.5 Ethical and Quality Controls

A restrictive study should provide informed consent, ensure whose personal information will be used, limit
the amount of personally identifiable information, and allow opt-outs. Because the interviews address
leadership and organizational practices, confidentiality should be maintained to avoid concerns about
retaliation and social undesirability. Process safeguards should include neutral terminology, separation of
predictors and consequence components, intelligence testing, and trust that the supervisor will not see
employee responses. Statistical controls should include tests for missing data, extreme values, nonresponse,
multicollinearity, normality, and common-method variance.

4. Results

4.1 Reliability and Convergent Validity

That all linear loadings exceed .78, alpha is .818-.842, and joint reliability is .852-.857. The AVE was .657-.667.
Thus, based on critical principles, the model has strong internal consistency and consistent validity. These
graphs confirm the correct four-dimensional design; however, they cannot be used to validate the basic

meanings of new products if selected features are not preserved.

Table 2. Construct reliability and convergent-validity summary

Construct Indicators/loadings Cronbach’s a CR | AVE
Digital Leadership DI.1 .826; DI.2 .834; D13 .784 834 856 | .664
Organizational Agility | OA1 .822; OA2 .810; OA3 .818 818 857 | .667
Management MT1 .822; MT?2 .830; MT?3 789 819 855 | .662
Transformation
Sustainable SOP1 .802; SOP2 .834; SOP3 .795 842 852 | .657
Performance

Figure 3 shows the reduced scatter of probability values. Organizational stability has the highest alpha (.842),
whereas organizational speed has the lowest (.818); all values remain comfortably above .70. Thus, the
diagram shows a consistently correct measurement for all construction positions, rather than one being

unusually
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Figure 3. Reliability coefficients across the four constructs reliable.
4.2 Factorability and Explained Variance

The given item matrix is factorable. The resulting KMO value was .871, which was considered robust,
whereas the Bartlett test was significant, allowing rejection of the null hypothesis. Furthermore, the four
retained variables explain 74.847% of the variance, which is the largest amount in the data set. Consequently,
there is a basis for assuming that a four-factor model with discrete elements is feasible. The source included a
second Bartlett value of 2 in the text, which contradicts that given in the table. This paper relies on the value
shown in the table and recommends that the source findings be verified together with the results of the
preliminary tests.

Table 3. Factorability and extracted-variance results

Indicator Reported value Interpretation
KMO 0.871 Sampl.mg correlations are suitable for factor
analysis.
2233.118 (df = 66), The correlation matrix differs significantly
Bartlett y* . . .
p <.001 from an identity matrix.

Figenvalues 5.102, 1449, 1.280, 1150 Four factors exceed the unit-eigenvalue
reference.
Cumulative variance 74.847% The four-factor solution explains a substantial

share of item variance.

Figure 4 shows that the first factor accounts for the largest fraction of the variance, while the other three
factors contribute mainly. Results indicated that the dominant general dimension and distinct constructs
accounted for data variance. For complete regressions, it is important to assess cross-loadings and method
effects to ensure that the first factor does not reflect multimethod bias.
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Factor 4

Factor 3
14.3%

74.847%
explained

Factor 1

Factor 2

Figure 4. Distribution of variance among the four extracted factors
4.3 Correlation Analysis

Table 4 shows positive, moderate correlations ranging from .348 to .482. Digital leadership has the strongest
bidirectional correlation with firm organizational performance (482), followed by transformational leadership
(464) and organizational agility (.431). The correlations are very low for many common caveat values,
indicating that the roles are related but not completely overlapping in the model. These results are consistent
with the proposed hypothesis, according to the structure-specific heterogeneity.

Table 4. Pearson correlations among aligned constructs

Construct DL OA MT SOP
Digital Leadership 1 414 413k 482%*
Organizational Agility A14xx 1 .348%** A431x*
Management
. 413k 348%* 1 464%*
Transformation
Sustainable Performance 482%* 437 464 1

Note. ** p < .01, two-tailed.

4.4 Structural Model Fit

The given covariance structure fits the predicted model well. Every index satisfies the said rule. Since the CFI
is 1,000, and the RMSEA is .002, we should try to reproduce the original model from response rate data
before exclusion: unusual perfect agreement may be a real property of a simple, feasible model, but it also
raises questions about degrees of freedom and constraints on the model.
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Table 5. Structural-model goodness-of-fit indices (nh = 384)

Index Recommended criterion Result Decision
y?/df <3 1.002 Acceptable
GFI > .90 981 Acceptable
AGFI > .90 .969 Acceptable
NFI > .90 979 Acceptable
CFI > .90 1.000 Acceptable
RMSEA = .08 .002 Acceptable

4.5 Direct Effects and Hypothesis Tests

Table 6 shows positive coefficients for all five direct paths and nonzero confidence intervals. In fact, digital
leadership has the strongest impact on transformational leadership (B = .391) among all the variables
examined, which means that leadership and preparation are particulatly important in the transformation
process. In addition, transformational leadership predicts performance stability (3 = .311), whereas digital
leadership directly influences performance with a coefficient (8 = .305). Group speed has small effects on
conversion (.226) and performance (.232).

Table 6. Direct-effect estimates

Hypothesis |  Structural path 8 95% CI p Decision
H1 DL — MT 391 [.273, .494] 023 Suppotted
H2 OA — MT 226 [119, .363] 005 Suppotted
H3 DL — SOP 305 182, .4306] 009 Suppotted
H4 OA — SOP 232 [119, .363] 005 Suppotted
H5 MT — SOP 311 [.179, .420] 012 Supported

Figure 5 shows the calculation. The most significant impact is digital leadership for transformational
leadership. All other effects range between .226 and .311, indicating that job stability is not driven by any one
competency alone, and that leadership, speed, and management variables operate together as an interrelated
competency system.

DL = MT = . - - - - . . @ o.391
OA = MT = @ o.226

DL - SOP - @ o.305

OA - SOP - Q© o0.232

MT - SOP - o) 0-311I

0.00 0.05 0.10 0.15 0.20 0.25 0.30 0.35 0.40 0.45
Standardized path coefficient (B)

Figure 5. Comparative magnitude of standardized direct effects

4.6 Mediation Analysis
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Both confidence intervals in Table 7 are non-zero. This suggests that transformational leadership mediates
the immediate impact of digital and organizational leadership on sustainable performance because the
corresponding direct pathways are positive and significant. The effects associated with digital leadership (.125)
were twice as large as the effect associated with immediacy (057), indicating that leadership can have a
significant impact on leadership behavior through its reformulation.

Table 7. Bootstrapped indirect effects

Hypothesis Indirect path Effect 95% CI p Decision
H6 DL — MT — SOP 125 [.072, .218] .008 Supported
H7 OA — MT — SOP 057 [.029, .127] .002 Supported

Figure 6 shows that commitment was highest in digital leadership. This is not to say that agility is
unimportant, but that agility skills probably play an important role in leading through direct feedback and
incorporation into routines, while leadership has a significant impact on the development and enactment of
change.

DL - MT - SOP - ' 0.125

OA - MT - SOP - 0.057

0.00 0.02 0.04 0.06 0.08 0.10 0.12 0.14
Bootstrapped indirect effect

Figure 6. Comparison of indirect effects through management transformation
4.7 Consolidated Hypothesis Assessment

Table 8 shows an explicit example of the model; in particular, both fronts are important, transformation is
important, and the strategy for transformation is somewhere in the middle. These results are consistent with
the dynamic capabilities approach, in that leadership and agility can change while incorporating routine
changes into ongoing organizational performance.
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Table 8. Summary of hypothesis outcomes

Hypothesis Proposition Outcome
H1 Digital leadership positively affects management transformation. Supported
H2 Orgamzatlopal agility ~ positively  affects management Supported
transformation.
H3 Digital leadership positively affects sustainable performance. Supported
H4 Organizational agility positively affects sustainable performance. Supported
H5 Management  transformation  positively — affects  sustainable Supported
performance.
Ho6 Management transformation mediates the DL-SOP relationship. Supported
H7 Management transformation mediates the OA—SOP relationship. Supported
5. Discussion

These results are consistent with the assertion that Al-driven performance is an organizational process, not a
strategic one. Digital Leadership, Organizational Agility, and Leadership Transition follows the transition
from leadership through talent adaptation to routine input. Sustainable operations seek to tie this competition
to balanced economic, environmental, environmental and resilience objectives.

The comparatively strong coefficient of digital leadership and transformation is a plausible hypothesis.
Transformational management challenges conventional powers, routines, and professional boundaries.
Leaders must make strategic decisions, secure training resources, align interests, and set administrative
expectations. Without visual support, Al solutions may remain technical experiments with weak commercial
players. This result is consistent with research linking digital transformational leadership, digital strategy, and
agility (AINuaimi et al., 2022).

A successful Agility-to-transformation path implies that change requires more than leadership intentions. The
organization must be able to move information and resources across borders, test revised applications, and
respond to evidence. Agility provides the processing bandwidth for transformation. Its small coefficient
leadership may indicate that agility is likely to influence outcomes in multiple ways, including direct
responsiveness, innovation, and resilience, rather than solely with hierarchical restructuring.

Transformational management is both statistically and theoretically important. The positive MT-to-SOP path
indicates that the revised behaviors are more operationally related than the direct intervention of leadership
and immediacy. It helps bridge the gap between acquiring and deploying digital talent locally. Losses persist as
Al impacts budgeting, performance review, risk management, training, procurement, project planning, and
manual accounting.

Parts of the advice are also revealing. Digital leadership and agility maintain direct paths to performance,
suggesting that not all value requires transformation. Managers can directly improve financial discipline and
hands-on alighment; speed can improve response time and resource utilization. Part of each effect goes
through changes in management practices. Thus, organizations must avoid choosing between leadership
development, rapid design, and process change. These three investments reinforce each other.

A sustainable-performance lens changes the way discoveries are interpreted. A small financial strategy can
compensate for downsizing or complex accounting without accounting for personnel, environmental or
administrative costs. A balanced approach requires managers to look at operational efficiency together with
energy use, integrity, safety, professionalism, resilience, and craft reliability. AI governance is no different
from operations; it preserves the conditions under which luxury can endure.
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The results also suggest a sense of maturity: Initially, leadership establishes a vision, operational discipline and
solid governance; at an intermediate one agile teams link data, domain knowledge and iterative process
redesign; and at mature time, management systems incorporate sustainability monitoring, model lifecycle
monitoring, learning processes, and sustainability considerations. Organizations can fail if they try to improve
automation without first developing structure and governance standards.

Finally, unusually strong fit indices should be considered with caution. The fit indicates the fit between a
particular mathematical model and the covariance structure: it does not establish causality, rule out alternative
models or validate construct labels. This sequence is useful for theory building and manuscript preparation;
construct-specific data are needed for empirical conclusions.

6. Theoretical Implications

First, the study develops a theory of competence by linking transformational leadership to social processes.
The management system needs to change so that sensing and seizing can take place. The process of change is

reflected in restructured decision rights, processes and routines, operating systems, and learning in general.

Second, the model links upperclassmen to theories of resource availability. Managerial domains of knowledge
influence the allocation of attention and risk appetite while performance is determined by a combination of
data, capabilities, immediate reactions and governance. Artificial intelligence does not usually result in

accountability, delay, or irreplaceability; the accompanying organizational structure provides more security.

Third, work instills stability in the fold of organizational efficiency. Digital leadership and agility contribute to
sustainability outcomes when transformational leadership delivers embedded norms that inform long-term
goal-oriented choices and actions.

Fourth, mediation analysis provides a theoretical basis for pursuing direct effects. Process flexibility helps to
streamline operations because different actions can lead to different outcomes even if the technologies are the
same. One company may restructure management practices while the other takes a new approach with

existing practices.

7. Managerial Implications

Organizations should start with well-defined problems, not an extended list of tools. Each application of
artificial intelligence must be implemented in a commercial context, which may include affected users, basic
performance evaluation, data quality control, required human oversight, and sustainability objectives. This will
discipline temptation, stifle technological progress and organizational effectiveness, and encourage managers
to think critically about the strategies they adopt.

Leadership development should include technical literacy, data mining, ethical awareness, and change
management. Leaders must question paradigmatic assumptions, report uncertainties, and create accountability
for decisions. Leaders must ensure psychological safety so that employees feel safe reporting model failures or
human errors.

Agility can be enhanced by cross-functional teams, modular processes, short feedback loops, clear definitions
of data, and unlimited decision-making power. Acceleration should be combined with clear structural features
and reinforced with turning edges.

Leadership transition should be evaluated with brand managers: re-prioritized processes, decision-making
time, employee involvement in redesign, high-risk models analyzed, data cover events, length of learning-
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cycle, and adoption status. Migration strategies must trade off cost, revenue, environmental protection,
employee welfare, compatibility, customer trust, and adaptability.

Human resource policies should consider the implementation of Al as a component of skill development.
Work reorganization, training time, career opportunities, and opportunities for participation should be
considered. Users have valuable contextual information that can help identify gaps and opportunities. Staff
participation can increase technical efficiency and legality.

Boards and senior executives should seek benefit and risk information on the use of Al. Considerations
should include model evolution, security, privacy, bias, environmental impact, user impact, and strategic
reliance on consumers. Governance should be organized when the decisions made are important rather than

applying the same controls to different applications.

Digital
vision

Stakeholder Data and
alignment Al capability

Management

Transformation

Workforce Agile
learning execution

Responsible
governance

Figure 7. Management-transformation capability network

Figure 7. The concept of a network of leadership transformation shows that the process is not a simple line
but rather a complex system in which many different things interact and influence each other. Specifically,
digital vision, data and Al capabilities, agility of execution, administrative responsibility, employee training,
and hands-on engagement are linked within the transformation using two channels. This implies that
individual elements can affect and influence others, whereas a strong isolated interaction can disrupt an entire

system.

8. Limitations and Future Research

The main limitation is measurement consistency. The summary results provided are from the same four-
factor model but with different questionnaire content. Response rate data or specific responses were not
available. Therefore, the statistical results are secondary results that should not be presented as direct results
for the new instrument.

Second, the original design was cross-sectional. Even with construct-specific data, temporal and causal claims
would be limited. Long-term analysis should measure leadership and agility in advance of the transformation

and assess sustainable outcomes over the foreseeable future.

Third, there is a clear mechanism influencing self-reported self-reports and outcome measures. Future studies
should combine user surveys with indicators of archival stability, performance data, audit findings, and
manual independent evaluations.
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Fourth, three-factor analyzes are parsimonious but may not accurately reflect multivariate structure. Future
work should consider high-level models of leadership, agility, transformation, and sustainability and examine
measurement variability for different industries, countries, organizational sizes, and Al maturity levels.

Fifth, the issue of nonlinearities and the role of boundary conditions require attention. For example, rapid
implementation can disrupt governance, centralized decision making can accelerate code development but
reduce organizational testing, and Al performance can depend on data quality, evolutionary environment,
regulatory environment, user buy-in, and performance. Recommendation analyzes and structural strategies
can help identify these patterns.

A validation study had to pre-write hypotheses, use selected but modified product indicators, use tested items
to measure products in an appropriate organizational model, maintain test terminology, and report both
supported and unsupported examples. This approach would transform the initial hypothetical analogy into
something testable and defensible.

9. Applied Transformation and Robustness Framework

9.1 Al-Driven Management Transformation Framework in Practice

Accordingly, this can be converted into five stages of development. The first step is strategic analysis, during
which senior managers must make decisions and processes in which uncertainty, quantity, or complexity will
benefit from discretion. They need to fix the current base, craft, data, environmental and environmental
impacts, and organizational complexity that is preventing the system from achieving optimal performance.
This first phase ensures that organizations don’t have to invest time and money in solutions that aren’t viable.
The test for moving to the next stage is whether stakeholders can define the problem, explain the decision
that needs to be changed, identify the owner, and demonstrate support for the operating balance sheet.

The second stage is skill and risk planning. As part of this, the organization must consider the costs of data,
digital systems, user experience, vendors, cybersecutity, regulations, and potential errors. The result is not a
pass/fail judgment but rather an assessment of the cost of the upfront investments. The lowest level of
security is designed for low-risk operations, while resource allocation for general processing, documentation,
human review, and escalation is required to make judgments about the availability of essential services,
funding, safety, or services. Digital managers develop the governance framework, while agile teams shape it as

specific controls.

The third stage is boundary testing. The working group develops a small pilot, which can be reversed, when
linked to each other, and clear rules that show how to progress, fail and stop. Domain experts work with the
team on what needs to be tested, what discrepancies can be addressed, and what needs to be evaluated, as
statistical value alone is not sufficient to determine value for the enterprise. The pilot measures adoption
rights and decision outcomes, not just accuracy. Short-term frameworks allow the firm to distinguish between
modeling error, data bias, operational problems, incentive risks, and poor user understanding.

The fourth stage is leadership reorganization. This happens when a pilot shows interest. Firms need to
redesign applications around new capabilities, identifying what remains compatible for humans to do versus
what can be automated, drift-controlled, exceptionally broad, and performance metrics. This includes revising
job descriptions, training, resources, budgets, standard operating procedures, internal controls, and incentives.
This is when Al projects become a leadership shift, and companies without this expertise can develop useful
models but lack the organizational skills to realize the benefits.

The fifth phase is continuous analysis and renewal. Decisions about testing reflect financial feasibility,
resource impacts, personnel impacts, reliability, durability, and long-term learning. Models and applications
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are constantly monitored for changes in circumstances, unknown behavior, and performance degradation.
Retirement regulations are as important as development regulations because outdated systems or poor
performance create risk and disruption. The analysis is then repeated as new evidence, technology, and
stakeholder expectations emerge.

Stage 1
Strategic Direction

Stage 2
Agile Mobilization

Stage 3
Management Redesign

Stage 4
Sustainable Renewal

1 1 1 1 1 1 1 1
1 1 1 1 1 1 1 1
1 1 1 1 1 1 1 1
1 1 1 1 1 1 1 1
1 1 1 1 1 1 1 1
1 1 1 1 1 1 1 1
: Al vision : : Cross-functional teams : : Decision rights : : Balanced outcomes :
1 1 1 1 1 1 1 1
1 1 1 1 1 1 1 1
1 Il—p 1 Il—p1 l—p 1 1
: Use-case priorities : : Rapid experiments : : Human-Al workflows : : Continuous monitoring :
1 1 I 1 I 1 1 1
1 1 1 1 1 1 1 1
1 1 1 1 1 1 1 1
1 Responsible boundaries 1 1 Resource reconfiguration 1 1 Controls and learning 1 1 Capability renewal 1
1 1 1 1 1 1 1 1
1 1 1 1 1 1 1 1
1 1 1 1 1 1 1 1
1 1 1 1 1 1 1 I
e U 1 U 1 1 1
Fee learning return performance evidence to s fcdirection

Figure 8. Four-stage Al-driven management-transformation cycle

Figure 8 shows how theory can be translated into practice. Strategic direction defines what the company will
be. Agile mobilization creates tests that manage priorities. New management enables improved testing in the
community. Finally, through continuous renewal, the enterprise continually measures outcomes against the
adaptive model and adjustments. Returning to technology makes the whole process dynamic and requires
change and adaptation throughout. The main message from this figure is that earnings should continually

adjust priorities, controls, and investments.

9.2 Balanced Performance Scorecard for Al-Enabled Management

Table 9 shows the dependent variable. The five steps above prevent managers from interpreting short-term
cost reduction strategies as a sufficient measure of sustainability performance, while also providing an
analytical framework for reviewing the conceptual model in use. Digital leadership defines indicators that
require careful attention, immediacy defines the leader’s reaction to any observations, and transformational
leadership incorporates targeted indicators into the budget and review processes, performance, and reward
systems. It is advisable for organizations to identify a limited number of key metrics that can be applied to any
application rather than including all available indicators.

Table 9. Balanced scorecard for sustainable Al-enabled performance

Dimension Illustrative indicators Management question
. Cycle time, quality, cost-to-serve, forecast | Is Al producing durable value after
Economic . . . .
accuracy, innovation yield full lifecycle costs?
. Energy per transaction, material waste, | Are efficiency gains reducing
Environmental .2 . q. . e
emissions, equipment utilization absolute impact or only shifting it?
. . o Who benefits, who bears risk, and
. Employee well-being, job quality, accessibili ; ’
Social mpoy 8 Job quanty, > can affected people challenge
fairness, customer complaints ..
decisions?
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Model inventory, review completion, incidents, | Are authority, monitoring, and
Governance . ) A .
audit findings, vendor exposure accountability visible and effective?
. . . Can the organization respond when
. Learning-cycle time, reconfiguration speed, .
Adaptive . : models, markets, or regulations
recovery time, skill renewal
change?

Figure 9 shows how the radar grid can prevent one image from dominating the geometry. Here, the economic
indicator is the best, while the environment is the worst. Thus, managers will not assume that everything has
gone well, trying to analyze the effects of energy, materials, leverage, and segmentation, which are also
assumed. However, these values are provided for illustrative purposes only and do not come from the teacher
database.

Environmental

100

E¢onomic

Governane

Adaptive

Figure 9. Illustrative multidimensional sustainable-performance profile

9.2.1 Use-Case Portfolio Prioritization

Figure 10 is organized in the form of a bucket portfolio, not a typical bar chart. The position of the bubble
represents the expected stability of interest (vertical axis) and the readiness of the change (horizontal axis),
whereas the size of the bubble represents relative implementation effort. Advance care is attractive because it
is useful and ready. High-risk decision automation is efficient but requires additional managerial effort and is
therefore less attractive. The figure shows how leadership and agility can drive decisions; roles are symbolic,
reflective of a circular system, not actual outcomes.
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Figure 10. IMlustrative Al use-case priority portfolio
9.3 Alternative Explanations and Robustness Requirements

Several alternative explanations should be tested in preliminary research. For example, high-performance
organizations may invest more resources in developing digital leadership, agile processes, and artificial
intelligence, resulting in causal reversa (Helfat et al.,2024). At the same time, a positive change environment
may be positively associated with all four constructs, and its inclusion in the analysis would reduce the
strength of the evidence for all associations. Industry mix, organization size, level of digital maturity,
regulation, and employee skills can influence transformation and performance. By using extended designs,
control variables, fitting models, and other methods, such as instrumental or panel variables, one can mitigate

these issues.

In addition, the measurement model should be considered for robustness. The chosen conceptual framework
assumes that each indicator depends on productivity and is uniformly distinct, which may be true in general.
Instead, the relationships between management, processes, workforce skills, and energy analysis and
transformation should be viewed as manufacturing, i.e. that changes will affect the measured outcome. Future
research should explore whether to use a higher order model or to distinguish between theoretical and
sustainability indicators based on theoretical considerations rather than qualitative criteria.

Mediation should be assessed using bootstrapped confidence intervals and divided into direct, indirect and
total effects (Hays, 2015). Specify the number of bootstrap samples, the estimator, the missing-data treatment,
and whether the confidence intervals are percentage or bias-corrected. Conflicting models should have
reversed paths and only a straightforward explanation. A predictive evaluation of the holdout sample would
consider how the framework generalizes unseen observations rather than simply describing the sample.

The consequence of sustainability requires special care. In self-definition, success may reflect an optimistic or
leadership message. Wherever possible, tie test measures to proven environmental indicators, user outcomes,
performance, and customer strategy and experience documents. The transient periods must match the
expected strategy: leadership and pace can change rapidly, management practices can change slowly, and
stability consequences only after stability is implemented.

9.4 Implementation Risks and Mitigation
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One of the natural risks is the evolving sign that organizations are adopting the voice of Al and creating
innovation teams while leaving key decisions untouched. This risk can be mitigated by implementing evidence
of restructured decision making, process ownership, employee participation, and economic change. Another
risk is the creation of too many airlines. Leaders need to implement a clear strategic plan, kill unrealistic

projects, and allocate resources first to activities that demonstrate their value.

Automatic bias and deskilling can surface when people rely on advice they can’t understand and can’t justify
the tasks that need to be done. Such failures can be reduced by implementing calibrated definitions, targeted
human testing, failure simulation, manual metrics migration, and overdue assessments. On the other hand,
algorithmic aversion may prevent the use of effective measures after failures are detected. The reduction
strategy consists of presentation of relevant evidence, presentation of conclusions, and participation in the
study.

Fragmented data ownership can compromise both your speed and retention. Clear definitions, data lineages,
administrator roles, access controls, and usage levels should be established before the test. Other factors
around consumer confidence may include questions of consumption, intellectual property, workflow, and
darkness. Thus, procurement should consider their release, share levels, policy updates, security,
environmental reporting, and their own ability to retain prior knowledge

Finally, transformation is likely to lead to change fatigue when employees are exposed to more tools without
clear prioritization and when training time is insufficient. Allocation of responsibilities, operational
adjustments, tangible ways of thinking, and credible investments in capacity building are needed for
sustainable transformation. Rivalry increases as people can learn and decreases as the illusion of speed is
created simply by driving costs down, where employees must cover them.

10. Conclusion

This paper views sustainable organizational performance as an Al-enabled management system, rather than
technology. Digital leadership provides direction, legitimacy, commitment, and governance. Organizational
agility provides knowledge, rapid learning, and reorganization. Transformational management translates
capabilities into new decision-making processes, roles, tasks, training, and accountability. The sample statistics
provided by the teacher are consistent with the following hypothesis: all direct effects are positive, leadership
transition predicts performance stability, and both first factors have a significant direct effect on change. The
strong leadership context emphasizes the importance of institutional support, while the immediate pathways
suggest that strategy should be matched with implementation capabilities. These results should be regarded as
a clear manufacturing-style until the proposed device is applied. The enduring leadership lesson is clear:
organizations create sustainable value from Al when leaders, communities, people and governance evolve
together.
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